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INTRODUCTION

Terminology is the study of specialized concepts and their linguistic designations or
terms (Faber and Martinez, 2019). Terminology work focuses on the description of domain-
specific knowledge structures and how they are transmitted in different communicative
contexts. There are many representations about the position of terminology in linguistics as
previous researchers debate over the status of terminology as an independent discipline
(Dima, 2012). However, the researcher agrees that the result of terminology research has a
huge impact on linguistics and any domain it takes its role. This statement is in line with
(Faber, 2014) stating that terminology is essential for a wide range of activities, such as
technical writing and communication, knowledge acquisition, specialized translation,
knowledge resource development, and information retrieval.

The study of terminology is developing into a computer-based study as researchers
are overwhelmed with the huge amount of data. For example, Pazienza et al., (2005) do the
research about terminology extraction applying linguistics and statistical approach, Pefias et
al., (2002) applies corpus method in terminology extraction for information access, and
Elfkih & Omri (2012), also does the terminology extraction by applying conditional random
fields approach. The similarity between these researches is the term extraction analysis.

While there are several methods for extracting terms, this research, however, is not
going to analyze the best method for term extraction. Instead, the researcher is interested in
corpus-based term extraction as the corpus-based term extraction is not a fully automated
activity even though it is computer-aided. For applying the automated term extraction, the
corpus has to apply POS tagging both in general corpus and specialized corpus. This is
actually a limitation for Indonesian language as there is no general corpus with POS tagger
large enough for this task. The attempt to create a tagged Indonesian corpus is already done
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by Fu et al., (2018), Dinakaramani et al., (2014), Christanti et al., (2016) and Kamayani,
(2019) with a similar recommendation to expand the available corpus.

The problem for Indonesian language as it has no standardized grammar system by far
that leads to confusion for researchers in making the tagset for Indonesia language (Fu et al.,
2018). In term extraction, the tagset is useful for extracting the noun or noun phrases in the
corpus. As stated by (Pazienza, Pennacchiotti and Zanzotto, 2005), the candidate terms have
been mostly identified with noun phrases. Thus, the tagset needed in the corpus is only noun
and noun phrase which can be done manually once the term candidates have been extracted.

As terminology is domain-specific knowledge structure, the linguistics domain is
chosen for this research. The researcher is going to extract the term in linguistics domain
using the corpus-based terminology approach. The corpus-based terminology approach has
been done before by Yuliawati et al. (2018) applying the communicative theory of
terminology (CTT) and Pefias et al. (2002) applying the corpus-based terminology to
information access. The similarity between them is the method of specialized corpus
compilation to extract the term candidates by comparing the hits of specialized corpus to the
general corpus. Thus, this research creates the linguistics domain corpus from scientific
articles as the specialized corpus. Furthermore, the analysis method is adopted from
Yuliawati et al. (2018) by applying Mutual Information (MI) score to extract the best term
candidates using collocation analysis. The reason to choose the linguistics domain is to
extract terms in linguistics domain since there is no similar research in linguistics domain
term extraction for Indonesian language.

This research is based on the communicative theory of terminology (CTT) proposed
by Cabré. The CTT is a descriptive approach that studies terms and their variants as they
appear in texts and envisages the multiple dimensions of specialized knowledge units, as well
as their representation and analysis (Faber and Martinez, 2019). Within the CTT,
terminological units are regarded as “sets of conditions” derived from a certain knowledge
area (Cabré, 2003 in Faber & Rodriguez, 2012). To extract the best term in a specific domain,
the terms must be figured in three dimensions; cognitive, linguistic, and communicative.

Yuliawati et al. (2018) applied the CTT analysis on extracting the terms on legal
science and administrative science domain resulting in several essential points for the
research. The research applies corpus-based terminology research to help the researcher deal
with the big quantity of data in the corpora (general and specialized corpus). The general
corpus applied for Yuliawati et al. (2018) is the general corpus of social sciences and
humanities acting as the reference for legal science and administrative science domain.

The general corpus consists of written and spoken language and it also covers a period
of time (Leech, 2002). For instance, the Indonesian corpus in the Leipzig Corpora Collection
covers about 13 years. There are also several factors before choosing the general corpus for
any research, such as corpus size, genre, varietal difference, and diachrony (Goh, 2011). This
research analyzes the general corpus for keyword calculation finding that only genre and
diachrony bring significant differences in the numbers of keywords generated. Nelson (2000),
states that general corpus is the broadest type of corpus. It is often very large with more than
10 million words containing the variety languages. The examples of the general corpora are
The British National Corpus (BNC), the American National Corpus (ANC), and COCA.

The term extraction is distinguished between one-word terms (mono-lexical terms)
and multi-word terms (poly-lexical terms) with different extraction methods (Pefias, F and
Gonzalo, 2001). The mono-lexical terms are often too polysemic and generic, therefore, it is
necessary to provide poly-lexical terms to represent better concepts in a domain (Bourigault
and Jacquemin, 1999). As mono-lexical terms are easier to extract by using keyword feature,
the poly-lexical terms are extracted by using collocates feature and further analysis. This is
where the CTT takes its place in the research.
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To build the corpora for term extraction, there is also a requirement for a specialized
corpus in this research. Since the general corpus of Indonesian language is already available
online, the specialized corpus for Linguistics domain for Indonesian language is nowhere to
be found. The specialized corpus contains texts of a certain type aiming to be representative
that can have a small or large amount of data Nelson (2000). This is also a clear difference
between a specialized and general corpus. While the general corpus is often very large, the
specialized corpus size may vary. Another difference between a specialized and general
corpus is the content inside the corpus. Since a general corpus needs to be general from any
language source (written or spoken), the specialized corpus contains a specific domain as
representative.

The specialized corpus creation is already explained by (Toriida, 2017) focusing on
the target materials and word elimination. The target materials in creating the specialized
corpus have to consider the context in the corpus and how it will be used. The materials could
include a textbook or textbook chapter, graded readers, a collection of scientific articles,
course materials, a novel, or a movie script. Another target material mentioned in corpus-
based terminology research is doctoral dissertations (Yuliawati, Suhardijanto and Hidayat,
2018) in a certain domain for specialized corpus material. Furthermore, word elimination is
done by deleting words from the corpus that are not considered as content words. The word
elimination is done by deleting the reference sections and citations, repetitive textbook
headings, figure and table headings, proper nouns, and names of institutions or organizations.

Realizing that there is no corpus-based terms extraction for linguistics domain in
Indonesian language, the researcher is interested in extracting the terms from the created
specialized corpus. As the terms extraction is completed, this research could expand its
application onto the other domain and hopefully is able to cover any domain to create the
standard for Indonesian language terminology for every domain-specific language.

RESEARCH METHOD

This research is referred to as a corpus-based method for terms extraction. The
general corpus is taken from Wortschatz Leipzig corpora collection for Indonesian language.
Thus, it underlines that there is no general corpus creation in this research as it is taken from
the available general corpus online. Since there is no specialized corpus for linguistics
domain for Indonesian language, the specialized corpus is created manually by the researcher.

The source of data for the general corpus is Wortschatz Leipzig corpora collection for
Indonesian language (https://wortschatz.uni-leipzig.de/en/download/Indonesian) and it is
downloadable. However, there is a limitation for the researcher to download every material
provided on the page, thus, the materials taken are from Mixed materials with the corpus size
of 1,000,000 sentences. For the specialized corpus, the linguistics disertations are taken for
the target materials. The disertations using Indonesian language are selected from
https://repositori.usu.ac.id/handle/123456789/1082.

There are 62 downloaded files for the specialized corpus in linguistics domain
containing 3,302,832 word tokens after the word elimination process. Since the data
downloaded are in PDF file format, the data need to be converted into plain text (txt) format
using OCR program. The OCR program applied in this research is AntfileConverter(Anthony,
2017) as it is a free available software with no page limits to convert PDF files into plain text.
After the target materials have been collected, the word elimination process is started. As
mentioned before, the words elimination is done by deleting words in the corpus that are not
considered as content words (Toriida, 2017). This includes the reference sections, repetitive
headings in figures and tables, proper nouns, and names of institutions. In addition, English
abstracts are also eliminated from the materials for language uniformity reason. Since the
articles are in linguistics domain, the language in the articles may vary from Indonesian,
English, or the other local languages. To put the Indonesian language as the scope of the
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research, any term candidates (mono-lexical and poly-lexical) in another language besides
Indonesian are eliminated from the candidates. Hence, there is also word elimination after the
term candidates are collected.

To list the term candidates, AntConc (Anthony, 2019) acts as an instrument. For the
mono-lexical terms, the keyword list feature is applied to collect the term candidates. The
keyword list feature works in an only certain condition; the availability of the general corpus.
Thus, the general corpus from Wortschatz Leipzig corpora collection for Indonesian language
is added into AntConc. After the general corpus is added, the materials for the specialized
corpus are then added into the software. The specialized corpus materials are prepared for the
word lists in AntConc since the keyword list feature needs the word list from the specialized
corpus. After the word list is collected, keywords list is created automatically and before
putting the keywords into the term list, the words must have the characteristics as follow:

(1) Indonesian language, which is registered in Kamus Besar Bahasa Indonesia (KBBI).
(2) Noun (following the mono-lexical terms identity by Pazienza et al. (2005))

Thus, the lists from the keyword feature containing the matched characteristics are
defined as the terms for mono-lexical terms.

For poly-lexical terms, the term candidates are taken from the collocates feature based
on keywords list in AntConc. For the collocation settings in AntConc, the parameter applied is
the Mutual Information (MI) score following Yuliawati et al. (2018) and Marza (2008). The
M1 score for collocations is 3.00 with the minimal frequency of 5 and a window span of
4L:4R. The window span limit is adopted from Yuliawati et al. since the research is based on
Indonesian language. Furthermore, any poly-lexical terms from the collocation are limited by
noun phrases only.

The limitations of term candidates for poly-lexical items are based on Marza (2008) to
put more attention in concord analysis by their linguistic forms and the most significant
collocates in terms of frequency (mainly in position L3, L2, L1, R1, R2, R3). The concord
analysis displayed below the example of the term ‘makna’ to ‘asali’.

Table 1. The concord analysis of ‘makna’ to ‘asali’

Word Total Total Total L3 L2 L1 Center R1 R2 R3
Left Right (makna)

asali 12 0 12 0 0 0 0 12 0 0

The word ‘denotatif’ appears with a frequency of 9 in position R1 without any appearance
in the other positions. The example of the analysis is shown below:

“Dari segi makna asali, sama sekali tidak ada hubungan...”

Center R1

The position of the collocates in the concord analysis shows the most frequent
position to where it belongs in the poly-lexical terms to define its exact form based on the
corpus. However, this research is capped at only L1 and R1 as the noun phrase in this
research is limited by two words only. This also states that the window span in collocates
feature is set to 1L:1R. Another note for carrying out terminological extraction is the
segmentation of the terminological extraction following “dubious to delimit” by Cabré (1993)
in Marza (2008). For this segmentation, (Marza, 2008) respectfully argues that the steps in
term extraction have automatically segmented the terminological units. Thus, the result of the
analysis must have the final product of the term extraction.
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RESULTS AND DISCUSSION

Since the mono-lexical and poly-lexical terms have different method to extract, the
results and discussion is divided into two parts. The first one is the mono-lexical terms
extracted from the specialized corpus and the second one is the poly-lexical terms.
a) Mono-lexical Terms

By applying keyword feature, the total of mono-lexical term candidates is 1615 word
tokens and still considered as term candidates. Before displaying the result of the term
extraction, the method for limitation in the data analysis is also displayed for the discussion.
After the extraction of the term candidates from the keyword feature, there is still some noise
in the result. For example, there are several term candidates containing only one letter, such
as ‘a’ (Rank 7), ‘n’ (Rank 9), and ‘b’ (Rank 19).

N Concordance Concordance Plot File View Clusters/N-Grams Collocates Word List Keyword List
Keyword Types: 200 Keyword Tokens: 1160080 Search Hits: 0
Rank Freq Keyness Effect Keyword
4 5902 |+ 2046473 |0.0036 klausa
5 7483 |+ 197915 0.0045 adat
6 7242 |+ 18449.68 |0.0044 tradisi
7 10157 |+ 16547.75 |0.0061 a
8 4129 |+ 1399992 |0.0025 penutur
9 5851 |+ 1389403 |0.0035 n
10 19846 [+ 137721 0.0118 kata
11 3880 |+ 136786 0.0023 leksis
12 50421 |+ 1300745 |0.0289 dalam
13 3696 |+ 12509.36 |0.0022 tuturan
14 4831 |+ 1219679 |0.003 konteks
15 7491 |+ 11445839 |0.0045 budaya
16 10444 |+ 1126568 |0.0063 data
17 4851 |+ 11024.69 |0.0029 kalimat
18 3650 |+ 9847.02 0.0022 tabel
19 5691 |+ 977897 0.0034 b
20 2277 . Qe71 a8 a¥atate] Lo

Figure 1. Term candidates noise ‘a’, ‘n’, and ‘b’ in AntConc

Even though the mono-lexical terms are easy to extract, they present a semantic
ambiguity and often polysemic (Elfkih and Omri, 2012). So, there is a possibility that these
candidates belong in the other domain or as parts of poly-lexical terms that are not being able
to stand alone as a mono-lexical term, or perhaps, not a term at all. For making sure that these
candidates are not following the characteristics of mono-lexical terms, the concord feature is
then applied to check whether they are suitable or not. Concord highlights the search word in
the centre, thus allowing quick detection and analysis of its collocations appearing around it
(Marza, 2008). By analyzing the concord, it is found that these candidates containing one
letter do not meet the criteria for being term. The Keyword in Context (KWIC) in concord
feature shows that these candidates mainly appear in the phonology or phonetics scientific
articles as phonemes.

To check whether they appear in phonology or phonetics articles or not, the File View
feature comes in handy. It shows the raw text of individual files, allowing the researcher to
investigate in more detail the results generated in other features in AntConc (Anthony, 2014).
Being a phonetic transcription, these letters do not lose their context in linguistics domain but
they are not considered as a candidate because as Atkielski (2005) states that phonetic
transcription is a written record of the sounds of a spoken language. With that being said,
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these letters are the visual representation of a sound and become symbols so that they are
excluded from the list. By its scope, this research does not deal with symbols so they are
excluded. Moreover, in the concord feature, the letters are not always being a phoneme. For
instance, the letter a can sometimes be a letter list, a variable, or a substitute for other
elements in the data (see Figure 2). This also shows that concord feature is able to break the

ambiguity in the mono-lexical terms to define its context from the natural text.

0881070156t 3474 |12 4.2.2.1 Teknik penerjemahan yang diterapkan oleh Penerjemah A A. Eksplisitasi+peminjaman Pada kombinasi teknik ini, istilah buday 088107020:
g::lg;g;za 3475 ;i tentang perilaku politisi, dan sistem perpolitikan.  Dimensi genre A2 Eksposisi Genre dalam topik 108107021
088107021.txt 3476 ng)judgement (karakter orang), dan appreciation (nilai suatu barang) a. Ekspresi Perasaan (Afek) Afekdigunakan untuk mengekspresikan per|118107019:
088107025t 3477 ongan tabu dalam bahasa Karo, hal ini dapat dijelaskan sebagai berikut: A. Ekspresi tabu dalam hubungan kekerabatan terdapat pada hubuni 148107007
gg:lg;gg;ﬁ 3478 | C. Ekspresi Verbal Tabu umum, yang terdiri atas: 1. Sumpah serapah: a. Ekspresi verbal tabu digolongkan ke dalam kemali .kata-kata kotor 148107007
098107003 txt 3479 ko .pencuri® g. Prostitusi: lonte .lonte™ 2. Kata yang pantang disebut: a. Ekspresi verbal tabu yang digolongkan ke dalam kemali .kata-kata 148107007
Bg:lg;g?gﬁ 3480 Atetapi B A tetapi tidak semua B A atau B a) Ekstensi Parataksis (1+2) Ekstensi parataksis 1+2 dalam klausa komple 078107006
098107019.txt 3481 | lain. Elaborasi terdiri atas Elaborasi parataksis dan Elaborasi hipotaksis. a) Elaborasi Parataksis (1=2) Hubungan 1=2 memberikan pengertian |078107006.
Bg:lg;g;gﬁ 3482 | didapati bahwa dari10 jenis hubungan logis, yang terdiri atas : a. Elaborasi Parataksis (1=2), b. Ekstensi Parataksis (1+2), c¢. Ganda Par 0781070062
108107001.txt 3483 ralia. Perhatikan contoh yang diberikan (Halliday, 2014) berikut ini: (16) a. electric trains “kereta api listrik’ b. passenger trains 'H128107010:
1“‘”“7“94& 3484 @, atau klausa. terdapat beberapa pelesapan seperti pada data berikut:  a. Elepsis Kata Pada kutipan (22) terdapat pelesapan satuan lingual ber 0981070031

Figure 2. The example of concord display for ‘a’

Another characteristic of the mono-lexical terms is the part of speech of each term as
a noun. To analyze the part of speech among the candidates, the concord feature can also be
applied for checking them manually. One of the candidates that is not considered as a noun is
shown in Figure 4.3 taken from the keyword feature.

. Concordance Concordance Plot File View Clusters/N-Grams Collocates Word List Keyword List
Keyword Types: 200 Keyword Tokens: 1160030 Search Hits: 0
Rk e Kame e Kepward
43 5172 |+ 71916 0.0031 h
44 3326 |+ 7156.35 0.002 \

45 2008 |+ 7078.08 (00012 mangupa
46 3674 |+ 69327 0.0022 t

47 2184 |+ 688579 |0.0013 penerjemah
48 86197 |+ 6799.67 0.0037 5

49 9708 |+ e470.11 0.0058 yaitu

50 2830 |+ 643253 |0.0017 responden
51 1766 |+ 6208.36 0.0011 berian

Figure 3. The term candidate ‘yaitu’ (rank 49) in keyword feature

To make sure that the word ‘yaitu’ (Rank 49) is going to be eliminated from the list,
the concord feature, once again, comes in handy. The concord feature of the word ‘yaitu’ is
displayed in Figure 4.4 to show that this candidate is eliminated from the list for not being a
noun.
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jung, memuji. Pada BSa penerjemah menggunakan kata yang sama, yaitu
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va dari tindakan Pt. 134 Tipe ini mendaftar satu maksud ilokusi ekspresif yaitu
nomor 1,2,4,5,6,7,9,10, dan 11. JBPL sebanyak 2 (dua) kali atau 18 % yaitu

dari menteri luar negeri. Dari kata menteri di kekalkan suku awal yaitu
1. Refungsionalisasi, yaitu
lel revitalisasi sinandong dapat dilakukan dengan Refungsionalisasi, yaitu

jong dapat dilakukan antara lain dalam bentuk:

oleh leksis-leksis yang membicaraan tetang emosi dan perasaan (Afek) yaitu,

an yang menempatkan peneliti untuk mulai berpikir secara induktif, yaitc

ki dominasi penilai positif daripada negatif terhadap topik yang diangkat yaitc

ntu baik perempuan ataupun laki-laki. Ada juga anak beru condong, ,a'tL.

foooill Lod o bolob obol dmion o oo d oo o ol oo

o

memuji. 61) BSu: DaB er von Réubern eine Gegend
memuji.  65) BSu: Durch mich die Wahrheit! Ja, v{
memuji. Pada penelitian ini tipe memuji jumlahnya td
memulai marhata pada topik nomor 3 dan 8. Topi
men —kvk, dan dari kata luar di kekalkan suku perta
menambah, mengembangkan, mengganti atau m
menambah, mengembangkan, mengganti atau m
menangis, berkah, silaturahmi, perpecahan, bersih,
menangkap fakta atau fenomena sosial melalui p
‘menanti jawaban di malam ini. Harian ini menila
menantu dari pihak ayah atau ibu. Setelah berkumy

Pt S P N P N P E

e Mool o

Figure 4. The term candidate ‘yaitu’ (rank 49) in concord feature

The last characteristic of the mono-lexical candidates is their origin of language. The
language origin of each mono-lexical term must be Indonesian language. This characteristic
is analyzed by using Kamus Besar Bahasa Indonesia (KBBI) by checking them manually.
The example of the candidates is the word ‘of” (Rank 118). This candidate is not registered in
KBBI as they are foreign words that originated from English.

Concordance Concordance Plot File View Clusters/M-Grams Collocates Word List Keyword List

Keyword Types: 200 Keyword Tokens: 1160080 Search Hits: 0
o e A o Toere et
115 1977 |+ 205963 [0.0012 benda
116 |11596 + 192746  |0.0069 bahwa
117 2198 |+ 1915 0.0013 perbedaan
118 2629 |+ 19004 0.0016 of

119 2207 |+ 1822.08 |0.0013 tanda
120 2462 |+ 1774.51 0.0015 teknik
121 1811 |+ 175142 |0.0011 situasi
122 1692 |+ 174638  |0.001 dewasa
123 2146 |+ 1629.6 0.0013 konsep

Figure 5. The term candidate ‘of” (Rank 118) in keyword feature

After the mono-lexical term candidates are analyzed, the mono-lexical terms are
extracted. Table 4.1 displays the 50 highest mono-lexical terms by keyness.

Table 2. The highest 50 mono-lexical terms in linguistics domain extracted from the
specialized corpus

Rank Keyword (mono-lexical term) Rank Keyword (mono-lexical
term)
1. bahasa 26. unsur
2. teks 27. linguistik
3. makna 28. konsonan
4. klausa 29. bunyi
5. adat 30. metafora
6. tradisi 31. frasa
7. penutur 32. penerjemah
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Rank Keyword (mono-lexical term) Rank Keyword (mono-lexical
term)
8. tuturan 33. responden
9. konteks 34. berian
10. budaya 35. perkawinan
11. data 36. nada
12. kalimat 37. semantik
13. tabel 38. vokal
14. lisan 39. kearifan
15. batak 40. terjemahan
16. laki-laki 41. kajian
17. struktur 42. upacara
18. leksikal 43. nilai
19. penerjemahan 44, sosial
20. verba 45. wacana
21. penelitian 46. Ciri
22. fonem 47. fungsi
23. analisis 48. hubungan
24. melayu 49. suku
25. toba 50. ungkapan

The extracted mono-lexical terms aim to find out which words characterize the text
under investigation may be indicative if either what the text is about what is important
(Yuliawati, Suhardijanto and Hidayat, 2018). This procedure is suitable to extract the poly-
lexical terms, making the mono-lexical terms as head words. Therefore, the extracted mono-
lexical terms provide an overview about the main subject in the text. They are regarded as
starting point for further analysis in the connection between words.

As (Elfkih and Omri, 2012) stated that the mono-lexical presents semantic ambiguity
and sometimes polysemic, the researcher argues that some of the terms somehow fees
undergenerated or overgenerated. According to Pasanen (2005), the undergenerated and
overgenerated terms can be eliminated to achieve the noise-free term list, however, this
procedure comes with its side effect — losing the valid terms. While analyzing the
characteristics of the undergenerated and the overgenerated terms in the results, there are no
matched characteristics in each term considered as undergenerated (frequency lower than 3)
or overgenerated (occurs only once in the source text). Hence, this result shows the valid
terms according to the method of the research.

For a reminder, the extracted mono-lexical terms are based on the keyword feature in
AntConc and some manual works by the researcher to have the most accurate result of the
mono-lexical terms list. However, it might be impossible to produce a perfect term list
automatically or even manually due to the vagueness of the concept term itself (Pasanen,
2005). The result of the mono-lexical terms, although considered as not being perfect, is still
beneficial for the next step of the research — poly-lexical terms extraction.
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b) Poly-lexical Terms

The poly-lexical terms can be extracted from the mono-lexical terms result as it
provides an overview of the main subject in the specialized corpus (Yuliawati, Suhardijanto
and Hidayat, 2018). The mono-lexical terms result is regarded as the starting point for further
analysis, especially in each of their collocation. The collocation analysis is done
automatically in AntConc by using the collocates feature with MI score of 3.00 or higher.
Thus, any collocation lower than 3.00 is excluded from the list. After that, the collocation
structure is analyzed by using the noun phrase structure in Indonesian language. Lastly, the
collocation position in the concord analysis is investigated to check whether the collocation is
positioned in L1 or R1. For instance, the analysis of the collocation of the word ‘kalimat’ in
AntConc is displayed.

Concordance Concordance Plot File View Clusters/N-Grams Collocates Word List Keyword List
Total No. of Collocate Types: 253 Total No. of Collocate Tokens: 8134
Rank Freq Freq(l) Freq(R) Stat Collocate

96 35 0 35 3.29019 |menyatakan

97 24 9 15 3.25218 |topik

98 24 22 2 3.20990 |berupa

99 44 41 3 3.16285 |penggunaan

100 (30 26 4 3.14504  |awal
4
0

101 |5 1 3.14442 |sopan

102 |6 6 3.10135 |genre

103 402 360 |42 3.09914 |pada

104 |18 0 18 3.06445 |positif

105 |10 9 1 3.05541 tata

106 |5 1 4 3.00181 |selamat

107 142 3 139 299609 tersebut

108 |20 20 0 295670 |pembentukan Lower
109 |26 25 1 295619 |pola * than 3.0
110 |61 58 3 2.93840 |menggunakan

111 45 45 0 291047 |sebuah

Figure 6. The collocates feature applied to word ‘kalimat’ in AntConc

Figure 4.6 shows that the collocation of the word ‘kalimat’ has 225 total collocates
with 106 word having a score of 3.00 or more. Hence, the remaining collocates consisting of
119 words are not considered as the candidates. These 106 collocates are analyzed further to
get their structure in the concord feature. The valid candidates' by their structure is shown
below by choosing ‘tuturan’(Rank 51), ‘koordinatif’ (Rank 11), and ‘bersayap’ (Rank 6)as
examples.

1)
“... metafora dalam bentuk  tuturan kalimat lebih memiliki kekuatan...”
N N
(2)
“Perhatikan contoh, kalimat koordinatif ~ bahasa Inggris berikut.”
N Adj.
©)
“Penggunaan  kalimat bersayap yang dimaksudkan...”
N \Y
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The candidates must have the noun phrase structure and data (1), (2), and (3) are valid
for these characteristics. Moreover, the collocation of the word can be positioned in the left or
right. The example of the invalid collocation is shown below.

(4)

“...bentuk-bentuk pada kalimat tersebut mengandung nilai-nilai...”
bahasa

Prep. N

The data (4) shows that the word ‘pada’ (Rank 103) is not considered as a valid
collocation as it does not have the noun phrase structure. As AntConcis not built to
automatically apply the POS tagging into the words, sometimes, the collocations are noisy as
it is mainly based on the frequency without considering the part of speech. This is also the
reason why the structure of the collocation is analyzed manually. Another invalid collocation
issue comes from the structure of noun + verb as it tends to automatically extract the subject-
predicate relationship or two words that are not considered as a phrase in a sentence as
Noortyani (2017) states that a phrase is a gramatical unit consisting of two words or more and
only occupying a clause element function; subject, predicate, object, complement, and
adjunct.

()

“... setiap kalimat ~ menunjukkan komunitas adat Angkola yang...”

N V

The data (5) extracts the word ‘menunjukkan’ (Rank 88) standing as a predicate. This
example, fortunately, is not common in the collocates feature and it happens due to the lack
of POS tagging preparation before the extraction. The researcher also argues that this issue
can be solved by checking the collocation one by one manually after the extraction. However,
this might become a massive issue for a large corpus since the researcher could be
overwhelmed by the amount of the data. The total word tokens in the specialized corpus in
this research is 3,302,832 which is not considered as large data. The amount of the data in a
specialized corpus can be varied and there is no claim about the specialized corpus to be as
large as possible as it is often created to answer very specific questions (Nelson, 2000).

The next characteristic of poly-lexical terms is their position in the phrase. Any mono-
lexical terms are considered as the center of the phrase to their collocation. Since the noun
phrase in Indonesian language consists of two words, the collocations included in the
extraction are only in position L1 or R1.

(6)
“...dua kalimat  direktif dengan kontur deklanasi yang...”
tuturan

Center R1
()
“Masing- konstruksi  kalimat yang membentuk metafora dapat dilihat....”
masing

L1 Center

The data (6) with using ‘direktif’ (Rank 5) is the example of the collocation in
position R1 and the data (7) with using ‘konstruksi’ (Rank 45) is the example of the
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collocation in position L1. Therefore, any collocation positioned in L1 or R1 and considered
as a noun phrase is extracted. After all of the analysis, the total of valid collocations of word
‘kalimat’ is 55 collocations. Each of the collocations has been analyzed by MI score, noun
phrase structure, and position. Table 4.2 displays the 10 highest poly-lexical terms from the
word ‘kalimat’.

Table 3. The highest score of the poly-lexical terms of the word ‘kalimat’

No. Poly-lexical terms No. Poly-lexical terms
1.  kalimat eksklamatif 6.  kalimat tanya

2.  kalimat syahadat 7. kalimat berdiatesis

3.  kalimat tumpuan 8.  kalimat koordinatif

4.  kalimat direktif 9.  kalimat imperatif

5.  kalimat bersayap 10. kalimat pasif

Upon the analysis of the collocation, there is a collocation eliminated from the list —
‘BSu’ (Rank 48). While it stands as an abbreviation, this collocation is eliminated as the
abbreviation itself is considered a poly-lexical term. Cabre (1998: 86) stated that there are
terms that appear to be simple, but upon further examination turn out to be complex and this
includes initialisms, acronyms abbreviations and short forms.

The first consideration of ‘BSu’ as a part of the collocation of ‘kalimat’ comes from
the auto-generated collocation in AntConc. Further analysis from the Concord and File View
feature in AntConc shows that ‘BSu’ is the abbreviation of ‘bahasa sumber’. The Concord
feature shows that there are 781 hits for ‘Bsu’ in the data (see figure 7).

s 2019 - X

ol Preferences  Help
Concardance Concordance Plot File View Clusters/N-Grams Collocates Word List Keyword List
Concordance Hits 781
Hit KWIC File A
762 langsung Ifigenia kepada raja Thoas. 3) BSu: Von dir mécht ich es 128107004
763 langsung Ifigenia kepada raja Thoas.  5) BSu: O séhest du, wie meine 1281070041
764 erkenan’ diperuntukkan kepada raja Thoas.  36) BSu: Das Schiff, das diese beiden 128107004
765 suluk, Allah hu Akal tiba BSu Tabi‘at jen, Allah hu 138107004
766 ntah kamu  tradisi 221 12) BSu: DaB am Altar Dianens jeder 128107004
767 4, nama Troja diubah menjadi Troya. 9) BSu: Apollo schickt sie von Delphi 1281070041
768 hasa sehari-hari (umgangsprachlich) 1) BSu: Es wird ein heimlicher Betrug 128107004
769 ahasa Sehari-hari  (umgangsprachlich) 1) BSu: Mit ehrner Faust entzwei. Sie 1281070041
770 Sehari-  hari (umgangsprachlich). 1) BSu:Wie enggebunden ist des Weibes 128107004
771 ungkapan sehari-hari (umgangsprachlich). 3) BSu: Ein Wort von dir, so 1281070041
772 “hati’, sebagai kosa kata umum.  54) BSu: Nicht ein verschloBnes Herz zum 128107004
773 ‘hati’, sebagai kosa kata umum.  55) BSu: Stind’” Agamemnons Sohn dir gegentiber, 128107004+
774 " merupakan kata yang lebih umum.  81) BSu: Verweilet nicht! Die letzten Krafte 128107004
775 dan diterjemahkan dengan ragam umum. 33) BSu: Fur seine Wohltat gutes Wort 128107004+
776 ‘kekerasan’, yang rupakan ragam umum. 58) BSu: O sdhest du, wie meine 128107004
777 utama jatuh pada nomor undian 598. 21) B5u: Auf Tausende herab ein Balsam 128107004+
778 saja pada terjemahan semantik, unsur BSu dan terjemahannya dalam BSa boleh 138107004
779 yang sama, yaitu ‘penundaan waktu’. 44) BSu: Sie scheint dir selbst gelegen, 128107004+
780 than the ordinary Johnny Walker. BSu : la lebih suka wiski Johny 128107008
781 gangguan jiwanya kini sudah waras. 67) BSu: Von Tantals Haus, in deine 128107004+

< ¥ L v

Search Term Words [] Case [] Regex Search Window Size

Figure 7. The ‘BSu’hits in the Concord feature

The whole hits are found in only three files. These files are disertations entitled
TERJEMAHAN UNSUR STILISTIKA TEKS BAHASA JERMAN IPHIGENIE AUF TAURIS
KE DALAM BAHASA INDONESIA, TERJEMAHAN SYAIR BAHASA ACEH "MUNAJAT
PEREMPUAN SUFI ACEH POCUT DI BEUTONG” DALAM BAHASA INDONESIA:
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ANALISIS STRATEGI PENERJEMAHAN, and PROTOTIPE MODEL TEKNIK
PENERJEMAHAN ISTILAH DAN UNGKAPAN BUDAYA DARI BAHASA INGGRIS KE
BAHASA INDONESIA. The similarity between these disertations are they focus on translation
research. The focus or the scope of the study in the disertations can be found in the Keyword
section under the Abstract in each of them.Thus, ‘BSu’ is considered as an abbreviation with
no other variations in the data and is a shortened phrase standing alone as a poly-lexical term.

CONCLUSION

The mono-lexical and poly-lexical terms of linguistics domain in Indonesian language
by using corpus method in this research is mainly aims to look for any characteristics of the
terms itself. Thus, the corpus-based method is considered a great method to compile and
extract the terminology in a specific domain. Although the procedure of the analysis of the
mono-lexical and poly-lexical terms are different, the result shows that this is a great start to
bring the objective research of terminology in linguistics domain as the term extraction is
somehow claimed to be more subjective than objective. With the application of AntConc as
an instrument, the term extraction can be done semi-automatically. This research also shows
that the application of CTT into the term extraction is remarkable as it helps the researcher to
do the limitations in the term extraction process to eliminate the noise of the term candidates.

The limitations for the term extraction in this research are stated as follows; a) the
specialized corpus must be from a specific domain, b) Each corpus has the same language, c)
the part of speech for the terms are noun or noun phrase, d) the Ml score for the collocation is
set to 3.00, e) the window span for the collocation is 1L:1R, f) the minimum collocation
frequency is 5, and g) any terms must be free from any acronyms. By doing the limitations,
the extracted terms hopefully reach the most accurate standard for linguistic domain terms.
However, the amount of time for the research could be shortened by the presence of proper
Indonesian language POS tagging as the syntax analysis of each term can be done
automatically by the computer.

By limiting the window span in this research to 1L:1R, it is clear that this research
only extracts the ‘two words’ poly-lexical terms. Expanding the window span in AntConc
could result in the wider range of poly-lexical terms for the future research. The result of this
research can be applied to create the terminology dictionary for linguistics domain in
Indonesian language or the bilingual terminology dictionary by developing more corpuses in
different language in the data. In this section, the researcher also argues that the presence of
semantic prosody and semantic preference in bilingual corpus, mainly for the translation
process, could have a huge impact in developing wider terminology dictionary for more than
one language.
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